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Abstract

Growth in crowdsourced web platforms has produced a wide variety of opportunities for matching skills
with employers. Participants in crowdsourcing systems are experiencing an increasing degree of choice and
control over the tasks available to them. If requesters can correctly determine a participant’s internal
incentive mechanism, they will be more able to configure and assign tasks. Correctly configured and
assigned tasks will result in improved outcomes from crowdsourced creative design projects.

This paper presents the results of a survey concerning crowdsource participant opinions on internal
incentive mechanisms during the completion of creative design tasks. A survey was issued and consisted of
four primary dimensions of internal motivation: entertainment, personal development, humanitarian, and
status. Pearson’s Correlation coefficient and linear regressions were used to analyze the data and it was
found that entertainment, was the most important dimension for participants to experience a feeling of
reward. Gamification and fun appeared to be driving the primary incentive effect within the entertainment
dimension.
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1. INTRODUCTION

Crowdsourcing is a modern method of realizing human intelligence through task outsourcing and network
distribution effects. It provides unprecedented opportunities for people to share their observations and
knowledge with other people around the world, and can be used to target specific functions (Howe,
2006);(Brabham, 2008);(Estellés-Arolas & Gonzalez-Ladron-de-Guevara, 2012).

Crowdsourcing gathers talent to take advantage of originality, collaborative intelligence, reduced costs and
lowered processing times. It has already been used in a multitude of ways and has unlocked opportunities
for development in fields such as image classification, video tagging and other tasks that computers still
struggle with (Krizhevsky et al., 2012).
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Previous research on crowdsourcing has focused on specific aspects such as incentive engineering
(Muldoon et al., 2018), privacy protection (Alkharashi & Renauld, 2018), data analysis (Li et al., 2016),
and statistical analysis (Tarrell et al., 2013)(Aris, 2017).

In the 21% century, one key example of crowdsourcing is Wikipedia, a project which was started in 2003.
Wikipedia’s online user edited encyclopedia is one of the leading examples of leveraging collective
knowledge and experience. Similarly, the online video website YouTube began operation in 2005, and is
now a prime example of crowdsourced entertainment. Nassar and Karray described the crowdsourcing
process in detail, delineating the following modules: reward, quality control method, collection, verification,
summary and subject matter, and expert discovery (Nassar & Karray, 2019). Crowdsourcing is able to
provide innovative solutions while also developing personal and social relationships for its users (Shaw,
Horton, & Chen, 2011).

Interactions that occur when users collaborate leads to the development of certain behavioral patterns. For
example, submitting creative design requests to crowdsourced platforms has become a new design trend
(Amato, Sappa, Fornés, Lumbreras, & Llados, 2013; Peng, Babar, & Ebert, 2014). Many modern websites
have accumulated experience in generating effective incentive mechanisms that encourage and promote
crowdsourced development (Chittilappilly, Chen, & Amer-Yahia, 2016). However, the particular ways in
which they trigger the key incentive mechanisms to generate their success are still unclear. New reward
mechanisms that trigger intrinsic motivation are the core of user involvement and retention.

The results of this study contribute to the existing literature on incentive mechanisms in creative design
tasks. Understanding the design process and its incentive system enables creators to be more successful
when developing online design marketing operations through a crowdsourcing approach. Development of a
successful model provides users with a set of creative design tasks and a business strategy to follow. This
research follows the creative design task process and provide and the analysis follows that of existing

literature on internal incentive mechanisms.

2. Literature review

Market oriented brands and discussion of their approaches are typically focused on specific brand websites,
such as Threadless ; or social networking sites such as Facebook, or Twitter ; customer review sites such as
Amazon, Epinions ; or streaming media sites such as YouTube. (Alt, Shirazi, Schmidt, Kramer, & Nawaz,
2010). Market-orientation discussions are no longer limited to computing, coordination, and conventional

business-driven communications, they now involve an understanding of how to create and propagate
multimedia maketing messages (Berthon, Holbrook, Hulbert, and Pitt, 2007).

One example of a crowdsourced design company is the Threadless T-shirt company in Chicago, USA.
Members of the company’s community submit their new T-shirt designs, and approximately 1,500 amateur
and professional designs are submitted every week. Customers are able to directly create a design, and then
put their idea on the website for other users to rate. Each member of the website votes on the designs, and
the winning design is printed and paid for by customers, so that people all over the world become an
indirect customer of the user’s product. Top scoring t-shirts enter another contest for a place on the mass
production candidate list. Actual mass production depends on whether there are enough pre-orders received.
Once a selection of winning designs have been selected, the designs are shortlisted to provide a top three.
Designers earn a score, a medal, and a $2,000 USD bonus. The designer’s name is also be printed on each
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T-shirt, and the work is sold through the online store. If the design is reprinted by customers, the designer
receives an additional $500 USD reward. This reward mechanism increases consumer participation and
satisfaction Threadless keeps costs down by not hiring full-time designers, and also by only producing the
correct number of garments (Brabham, 2010).

Production by this method means that production volume can be accurately determined before production
begins. In the case of Threadless, a majority of the business overheads are in website maintenance and
maintaining up-time. This positions the business favorably, with light to negative running costs, and a very
low risk regarding stored product (Allahbakhsh et al., 2013). The customer community has in-effect
undertaken core functions of the business such as innovation, new product development, sales forecasting
and marketing (Kohler, 2015). The customer base is also increasingly responsible for marketing and sales.
This is an extreme example of outsourcing as a key component of the business model (Jones & Jones,
2013), where previously there would have been heavy reliance on the trinity of contractors, intermediaries
and subcontractors (Fiiller, Hutter, & Faullant, 2011).

2.1 Crowdsourcing

In the 2006 edition of WIRED magazine “The Rise of Crowdsourcing”, the editor Jeff Howe described the
concept of crowdsourcing as “a new business model in which companies use the Internet to distribute work,
discover ideas or solve technical problems” (Howe, 2006). Crowdsourcing now refers to a specific
composite fusion of three defined elements: Crowds, Outsourcing, and Social webs (Saxton, 2013).
Crowdsourcing is an online, distributed, problem-solving model that is free to participate in and entirely
voluntary (Brabham, 2008, 2013). It enables individuals, companies or organizations to leverage distributed
human intelligence, knowledge, skills, and work experience to complete defined tasks across public
networks ( Hossain & Kauranen, 2015; Mihalcea & Chklovski, 2004; Weld et al., 2008).

2.2 Crowdsourcing Systems

The general system flow of a crowdsourcing application contains four elements and these are described by
(Doan, Ramakrishnan, & Halevy, 2011; Ghezzi, Gabelloni, Martini, & Natalicchio, 2018) as:

(1) Tasks: define a group of outsourceable objects with specific characteristics, where task design and
reward schemes are important (Gill & Hicks, 2006; Nevo, Kotlarsky, & Nevo, 2012; Zheng, Li, &
Hou, 2011).

(2) Requesters: also known as crowdsourcers, publishers or seekers, publish tasks that require a solution;
in this regard, ‘project executors’ can be an individual, company, or profit/non-profit organization.
Executors release, or assign the tasks that require solutions (Kadadha, Otrok, Mizouni, Singh, &
Ouali, 2020).

(3) Participants: workers, solvers, participants, or providers are the group that possesses the required
knowledge, skills, or abilities to complete the work. Participants can be individuals or small groups
(Fiiller, Miihlbacher, Matzler, & Jawecki, 2009; Zheng et al., 2011).
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(4) Platforms: act as a medium and intermediary between the requester and participant. They must
provide effective tools and measures to ensure the project is successful (Blohm, Zogaj, Bretschneider,
& Leimeister, 2018; Howcroft & Bergvall-Kéreborn, 2019; Nakatsu, Grossman, & lacovou, 2014).

They must organize and manage the crowdsourcing process, and should be able to carry out transactions on
behalf of the requester. A requester creates tasks with details and forwards tasks to the platform. Once tasks
are published on the platform, workers search through the outstanding tasks and may also assign jobs to
oher suitable workers. Workers execute tasks and submit solutions to the requester through the platform.
The platform forwards these solutions to the requester for validation. Finally, workers are rewarded through
the platform, after the requester has verified the submitted solutions (Chiu, Liang, & Turban, 2014;
Howcroft & Bergvall-Kareborn, 2019).

2.3 Crowdsourcing frameworks

The crowdsourcing development process involves pre-defined steps on the way to project completion
(Tarrell et al, 2013; Chittilappilly et al, 2016; Liu & Lu, 2016;Silva et al, 2017;Ghezzi et al , 2017).
However, as the number of crowdsourcing platforms and applications increase, so do the number of
processes involved (Doan et al., 2011). Most frameworks can be categorized as having three steps, (i)
initialization, (i1) implementation, (iii) completion (Bystrom & Jarvelin, 1995; Vakkari, 1999).

(1) Initialization, involves task preparation (Campbell, 1988). The requester designs the task and propagates
the request across the platform to an appropriate demographic (Bruns, 2007). This initialization process
includes the task design, task setting and any incentive measures (Gill & Hicks, 2006). In task design,
requesters describe tasks and design user interfaces for different task types. The interface provides a way
for participants to view relevant information and provide answers. The requester often needs to avoid
inter-task dependencies so that the outcome of one task does not affect another. The requester must also
estimate the labor force required to perform the task.

(ii) Implementation is when the requester has published the task, and the participants become involved.
If the task is complex and decomposable, the requester can decompose the task before it is forwarded to
participants, so that the entire task can be more easily completed. The ability to assign tasks to participants
according to their characteristics, or the task characteristics, is a key benefit of crowdsourcing as it ensures
that the right tasks reach the right participants.

(iii) The final step, aggregation is bringing together the completed projects. After confirming that the result
is satisfactory, participants are rewarded in the manner set out in the original task request (Basu, Lal,
Srinivasan, & Staelin, 1985; Li & Wieringa, 2000). This can be either an intrinsic or extrinsic reward
(Gassenheimer, Siguaw, & Hunter, 2013).

The results of the task verification stage are then used rank the users’ reputations, which is forms a
valuable future guide for other users. Depending on the application and task characteristics, it is
sometimes possible for requesters and participants to rearrange or reassign jobs, redefine tasks and
assign or execute new or related tasks, as long as it is within the remit of the original request.

2.4 Creative tasks
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Task design has several components and the design and matching process of tasks is critical to the success
of any CS project. Simple and clear tasks should be designed (Gurari et al, 2016). Creative tasks were the
earliest form of crowdsourced project, in the form of competitions. These tasks depended on personal
creativity and uniqueness, or co-creation and collaboration (Chiu et al, 2014).

Requesters crowdsourced creative tasks to find novel solutions to specific problems. As an incentive,
participants were able to accept intrinsic rewards, such as being able to provide the most original and
creative solutions to a project. Expert verification and auction strategiese developed from this approach
and are now frequently used to select project winners for certain creative tasks (Tranquillini et al, 2015).
Creative tasks are also a way to improve personal creativity in crowdsourcing. When the requester uses a
solution from the participant’s proposal, the worker contribution can be either selective or collaborative
(Aris & Din, 2016). Some platforms such as InnoCentive and Threadless are well-known for being highly
collaborative. Other crowdsource projects such as 99designs, design logos, 3D graphics and Wikipedia

require a review panel to evaluate input and tasks before issuing rewards.

2.5 Intrinsic incentives

Intrinsic motivation is defined as: “To engage in an activity for internal satisfaction rather than for some
separable result”. Online communities perform tasks to eliminate the thirst for knowledge. Common
dimensions of motivation are entertainment, personal development, learning, and philanthropy (Ryan &
Deci, 2000). With regard to entertainment and learning, people seek entertainment when doing tasks, not
complex problem solving. Gamification strategies help increase user contributions and make tasks
attractive, engaging, and fun (Hamari, Koivisto, & Sarsa, 2014; Morschheuser, Hamari, & Koivisto, 2016;
Seaborn & Fels, 2015).

Personal improvement is better suited to individuals that want to attain knowledge or skills. When
participating in such tasks, people fulfil a need for personal growth through learning. There are also
humanitarian, charity or altruistic workers. For example, in disaster or emergency situations, people
spontaneously provide help to trapped people or victims. Contributing to a noble cause involves
humanitarian and religious ideals and this kind of inner motivation is based on personal ethics (AlShehry &
Ferguson, 2015). Another reward type is status, which is derived from competition. This relates to a
worker’s identity and is important when attracting people that will perform tasks related to community
identity. Rewards are critical for people to perform tasks (Mason & Watts, 2009). Designing an appropriate
incentive and reward structure greatly impacts the performance of participants and the quality of CS
outputs (Xie, Lui, Jiang, & Chen, 2014).

Occasionally there is no discernable incentive to performing a task (Pilourdault et al, 2017). Intrinsic
motivation describes when an individual is sufficiently motivated to complete a task, simply for the
pleasure and interest that completing that task creates. This is an internal motivation structure that results in
inner satisfaction, rather than a separable external result (Ryan & Deci, 2000). Intrinsic motivators are
commonly found in fields of entertainment, personal advancement, learning, and philanthropy. When
individuals experience fun, they sense that this is the reward, even for complex task situations. Some
requesters disguise complex problems in entertaining ways to increase user participation rates and
contributions. Gamification strategies create higher interaction and retention rates by using badges,
leaderboards and scores to help participants earn esteem. This increases task attractiveness, engagement,
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and entertainment. Other Gamification elements that are commonly used are stories and avatars (Hamari et
al, 2014). Through satisfying a user’s entertainment needs, online game players can be used to effectively
solve problems.

Offering participants the opportunity for personal growth in terms of knowledge or skills is another form of
reward (Bystrom & Jarvelin, 1995). Other participants may wish to sacrifice personal time and effort for
tasks that are humanitarian or egalitarian. Charity and altruism tasks are also common in crowdsourcing
environments, particularly where there are disasters or emergencies. These incentives may be noble,
humanitarian, or even religious, but the status that goes with selflessly offering time may involve
competition and identity. Competition is frequently a co-factor in attracting people to tasks, as is
community status.

3. Research methods

This paper will review the definition of terms used, then discuss typical system models, and then make
specific assessments regarding the framework to be used in this paper. After a literature review, relevant
articles for the different segments of the framework will be connected to the crowdsourcing process. It is
necessary to undertake a comprehensive survey of all publications to ensure a rigorous methodological
approach. For this reason, all literature after 2008 was considered.

Domain-specific terms searched for were “define or defining or definition”, “framework”, “task design”,
“task setting”, “incentive or motivation”, “assignment or allocation”. Articles were retrieved from search
engines and online resources, including Elsevier, ACM Digital Library, Science Direct, IEEE Xplore,
Springer, and Google Scholar. Major journals and conference proceedings were also checked for source
material. To avoid missing any relevant papers, the reference sections of selected papers in other databases
were used. The majority of crowdsourcing research material was concerned with the participant internal

incentive mechanisms, particularly where workers were completing creative design tasks.

This study used an internal incentive mechanism subscale of the incentive mechanism scale set by the
self-compiled creative design task to understand the internal incentives related to the creative design task of
crowdsourcing participants. Using a self-compiled creative design task set incentive mechanism subscale to
investigate the internal factor incentive mechanism subscale. The designed scale was constructed in Google
Docs and can be accessed online for free. Because many multi-step projects use a five-point Likert scale (1
for strongly disagree to 5 for strongly agree) it is possible to examine the internal incentive mechanisms for
participants across projects when completing creative design tasks. The questions in the survey were related
to specific dimensions known to be related to internal motivation. The four dimensions of internal
motivation tested in this study were entertainment, personal development, humanitarianism, and status.
Factors tested in the entertainment dimension were: fun, enjoyment, and gamification. The personal
development factors tested were: knowledge, skills, satisfaction, desire to learn, habits, preferences and
discoveries. On the humanitarian side, the factors tested were: altruism, charity, and civic responsibility. In
the status dimension, the factors: competition, social and community status were tested. There were four

dimensions and sixteen questions in total.

The survey received 43 valid responses. The Cronbach’s alpha coefficient was used to test the reliability of
the data responses. The output value should be greater than 0.8 and at least 0.7 for trustworthy data. The
questionnaire asked respondents 16 questions regarding their internal motivation mechanisms with regard
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to creative design tasks. A test for Cronbach’s alpha coefficient was run in SPSS 26 and the results are
presented in Table 1. The overall coefficient value was .884.

Table 1. Reliability statistics

Cronbach's Alpha Number of items

.884 16

Table 2. Individual factor Cronbach’s alpha results

Item Cronbach's alpha
Fun .877
Enjoyment .872
Gamification 877
Knowledge .874
Skills .870
Satisfaction .872
Learning desire 877
Habits .872
Preference .873
Discovery .876
Altruism .883
Charity .884
Civic responsibility .887
Contest .875
Competition .885

Social and community status  .880

The reliability analysis of the survey elements are represented by the coefficients shown in Table 2.
Questions related to fun scored .877, enjoyment scored .872, gamification scored .877, knowledge
scored .874, skills scored .870, satisfaction scored .872, learning desire scored .877, habits scored .872,
preferences scored .873, discovery scored .876, altruism scored .883, philanthropy scored .884, civic
responsibility scored .887, contest scored .875, competition scored .885, social and community status
scored .880. In the Status dimension, factors such as contest, competition, social and community status
were tested. The alpha coefficient value in Table 2 is between .80 and .90, indicating that the data has fairly
good reliability, none of the 16 items needed removing.

In the Entertainment dimension factors tested included: fun, enjoyment and gamification. In the Personal
Development factors tested included: knowledge, skills, satisfaction, learning desire, habits, preference, and
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discovery. In the Humanitarian dimension, factor tested included: altruism, charity, and civic responsibility.
In the Status dimension, factors as contest, competition, social and community status. In total there were
four dimensions and sixteen questions.

4. Results

4.1 Pearson’s Correlation Coefficients

The four dimensions of intrinsic motivation were also tested using Pearson’s correlation coefficient and the
test results are presented in Table 3.

Table 3. Correlation matrix for entertainment and internal incentive (N=43)

Entertainment 1 2 3 4
1.Fun 1

2.Enjoyment 42%* 1

3.Gamification S5%* 36* 1

4 Internal incentives 62%* JJ0*¥*  61*%* ]

*p<.05  ** p<.01 *** p<.001

It was found that fun [r(43)=.62, p<.001], and enjoyment [r(43)=.70, p<.001] had a significant positive
correlation with internal incentive. Gamification [r(43)=.61, p<.001] also had a significant positive
correlation with internal incentive.

Table 4. Correlation matrix for personal development and internal incentive (N=43)

Personal development 1 2 3 4 5 6 7 8

1.Knowledge 1

2.Skills 58%* 1

3.Satisfaction STH*55%%]

4.Learning desire A1F*59%* 56%*]

5.Habits A2F* 35* STH* 42%*]

6.Preference 38% 45k 55%% 5R%* 474%]
7.Discovery 25 27 52%*35% 49%*k 63%* |
iggzemal HCEIT 0w 7405 7355 G200 700% 685 62%%1

*p<.05 F* p<.01 *** p<.001

Table 4 shows the correlation coefficients for the relationship between personal development and internal
incentive. Knowledge [r(43)=.76, p<.001] and skills [r(43)=.74, p<.001] had a significant positive
correlation with internal incentive. Satisfaction [ 1(43)=.73, p<.001] and learning desire [[r(43)=.62, p<.001]
had a significant positive correlation with internal incentive. Habit [ 1r(43)=.72, p<.001] and
preference[r(43)=.68, p<.001] had a significant positive correlation with internal incentive; discovery
[r(43)=.62, p<.001] also showed a significant positive correlation with internal incentive.

Table 5. Correlation matrix between humanitarian and internal incentive (N=43)
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Humanitarian 1 2 3 4
1.Altruism 1

2.Charity 14 1

3.Civic responsibility d6 0 .62%* 1

4 Internal incentives A6FF ADFE 4DF* ]

*p<.05 F* p<.01 *** p<.001

The correlation coefficients in Table 5 show the connection between the humanitarian dimension and in-
ternal incentive. Altruism [r(43)=.46, p<.05] and charity [r(43)=.42, p<.05] both had a significant positive
correlation with internal incentive. Civic responsibility [r(43)=.42, p<.05] also showed a significant posi-
tive correlation with internal incentive.

Table 6. Correlation matrix between status and internal incentive (N=43)

Status 1 2 3 4
1.Contest 1

2.Competition 67%* 1

3.Social and community status .22 .29 1

4 Internal incentives LO5%* 46%* 53** ]

*p<.05  ** p<.01 *** p<.001

The correlation coefficient results of the relationship between the status and internal incentive are presented
in Table 6. Contest [r(43)=.65,p<.001] and social and community status [r(43)=.53, p<.001] showed a sig-
nificant positive correlation with internal incentive. Competition [r(43)=.46, p<.05] had a lower, but still
positive correlation with internal incentive.

Of the 16 measurement factors, the correlation coefficients for 11 were at least .05, with some being highly
significant, 5 items did not reach .05 and showed no statistical significance.

4.2 Linear Regressions

Following the Pearson Coefficient analysis, a series of linear regressions were run to test the relationships
between fun, enjoyment, gamification and internal incentive motivation with regard to entertainment. The
results are shown in Table 7.

Table 7. Linear regression of entertainment and internal incentive

Entertainment B SEB B
1.Fun 0.14* 0.06 25%
2.Enjoyment 0.27***  0.05 49%**
3.Gamification 0.14* 0.06 29%
R? .685

Adi R> 661

F 28.31***

df (3,39)

N=43
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*p<.05  ** p<.01 *** p<.001

Table 7 shows that fun has a significant relationship with internal incentive, f=.25, p=.03, meaning that the
higher the fun score, the greater the internal incentive. Enjoyment had a significant relationship with
internal incentive, f=.49, p< .001, meaning that the higher the enjoyment score, the greater the incentive.
Gamification and incentive had a significant relationship, p=.29, p=.01, meaning that the higher the
gamification score, the greater the incentive. These results show that when completing creative design tasks,
fun, enjoyment, and gamification are all motivational for participants. The degree of internal incentive
derived from enjoyment is greater than the influence of fun or gamification.

Table 8. Linear regression of personal development and internal incentive

Personal development B SEB B
Knowledge 0.18** 0.05 Q3x*
Skills 0.20%**  0.04 35%**
Satisfaction 0.02 0.05 .03
Learning desire 0.01 0.04 .03
Habit 0.19***  0.04 30%**
Preference 0.06 0.04 A1
Discovery 0.14* 0.04 21%*
R’ 911
Adi R> 894
F 51.45%*%*
df (7,35)

N=43

*p<.05 F* p<.01 *** p<.001

Regression analysis was used to test the relationship between the personal development variable and
internal incentive, and the results are presented in Table 8. The personal development variable included the
factors: knowledge, skills, satisfaction, learning desire, habits, preferences, and discovery were examined.
The results in Table 8 show that, knowledge and internal motivation had a significant relationship, =.23,
p<.05, meaning that the higher the knowledge score, the greater the internal incentive. Skills and internal
incentive had a significant relationship, f=.35, p<.001, meaning that the higher the skills score, the greater
the internal incentive. Satisfaction had no significant relationship with internal incentive, =.32, p=.68;
likewise, learning desire had no significant relationship with internal incentive, f=.33, p=.64. Habit and
internal incentive showed a significant relationship, f=.30, p<.001, meaning that the higher the habit score,
the greater the internal incentive. B=.51, p<. 001, the higher the habits score and the better the
entertainment effect of the internal incentive mechanism. Preference had no significant relationship with
internal incentive, f=.11, p=.15. Discovery had a significant relationship with internal incentive, p=.21, p
<.05, meaning that the higher the discovery score, the greater the internal incentive mechanism. Discovery,
skills and habit were the main internal motivators. There was a positive relationship between knowledge,
discovery and internal incentive, but no discernable relationship between satisfaction, learning desire, and

preference.



11 ETERTIR NS 112022 42 H

Table 9. Linear regression of humanitarian and internal incentive

Humanitarian B SEB §
Altruism 0.24* 0.07 .39%
Charity 0.16 0.10 24
Civic responsibility 0.11 0.08 .20
R’ 372
Adi R> 324
F A e
df (3,39)

N=43

*p<.05 F* p<.01 *** p<.001

Regression analysis was used to test the relationship between the humanitarian variable and internal
incentive, and the results are presented in Table 9. There was a significant relationship between altruism
and internal incentive, f=.39, p<.05, meaning that the higher the altruism score, the greater the internal
incentive. There was no significant relationship between charity and internal incentive, f=.24, p= .14, and
there was also no significant relationship between civic responsibility and internal incentive, f=.20, p=.22.

Table 10. Linear regression of status and internal incentive

State B SEB B
Contest 0.37***  0.08 O1F**
Competition 0.39 0.07 .07
Social and community status  0.28*** (.07 A HE*
R? 592

Adi R> 561

F 18.85%**

df (3,39)

N=43

*p<.05 *F* p<.01 *** p<.001

Regression analysis was used to test the relationship between the status variable and internal incentive, and
the results are presented in Table 10. There was a significant relationship between game and internal
incentive, f=.61, p<.001, meaning that the higher the score of game, the greater the internal incentive.
Competition and internal incentive had no significant relationship, p=.73, p=.60. Social and community
status had a significant relationship with internal incentive, f=.41, p<.001, meaning that the higher the

social and community status score, the greater the internal incentive.

5. CONCLUSION

A survey was issued, results were collected and the findings were tested using Cronbach’s alpha, Pearson’s
Correlation coefficient and series of linear regressions. The results showed that respondents engaging in
creative design based crowdsourced activities are aware of the internal incentive machanisms that form
their reward. Entertainment was a particularly important dimension for participants to experience the re-
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ward feeling. Gamification and fun appeared to be driving the primary incentive effect. In the Personal de-
velopment dimension, improvement of skills and habits showed the greatest influence, followed by
knowledge and discovery. Satisfaction, learning desire and preference showed no motivational effect in this
study. In the humanitarian dimension, altruism was the key factor. Charity and civic responsibility were not
considered to be a source of internal incentive. In the status dimension, participants found competition mo-

tivating.

Through competition, participants were able to obtain both social and community status; however, if they
participated from a competitive perspective, their internal motivation was lower. Understanding the internal
motivation mechanism of participants completing creative design tasks helps researchers, marketers, busi-
nesses and task requesters. Knowledge of how the different reward factors satisfy different motivational
needs of participants can enable more appropriate task assignment, and improve the self-selection process.
Many creative design tasks need to be completed within a limited time; however, only a limited number of
participants can win material rewards. These participants also have very little interaction with each other,
usually receiving messages indirectly through comments or ratings. Similarly, there are frequently no
shared goals that must be accomplished as a team, or moral benefit for society. These less pivotal or
life-changing design tasks are not psychologically rated by participants under the factor of civic responsi-
bility or philanthropy. In this way, civic responsibility or philanthropy can conflict with the nature of
crowdsourcing design competitions. The internal incentive mechanism is in the creative aspect itself. The
uniqueness in the design task and the creative process is, for many participants, rewarding.

The results in this paper show that in creative design tasks, strengthening the internal motivation mecha-
nism of participants can be done through increasing several factors. In order, these factors are: enjoyment,
gamification, fun, skills, habit, knowledge, discovery, altruism, competition, and social and community
status. When participants engage in creative design, it is a skill building activity, and through competition,
social status is acquired. Working for “free” builds an altruistic habit.

Online crowdsourcing platforms, requesters, participants, and tasks all revolve around the internal incentive
mechanism of the participants. Correctly assessing the internal incentive mechanism of prospective partic-
ipants will ensure that people continue to join the network and participate actively.

The issues discussed in this paper are current and open research areas which need further investigation.
Crowdsourcing offers potential gains to many industries and sectors of commerce. Additional research that
supports the crowdsourcing industry would improve outcomes from the system and make them more stable.
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